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ABSTRACT

The present study investigates the transformational impacts of Artificial Intelligence (Al) as technology
breaks the boundaries to breed new opportunities as well as new challenges of human-machine hybridi-
zation. As businesses increasingly adopt Al technol-ogies to mediate and automate several HR practices
including recruitment, performance management, employee engagement, and personalized employee
development, assessing these technologies' impacts on operational efficiency and people experience ap-
pears indispensable. Using a standardized question-naire, and subsequent analysis, this research exam-ines
the nexus between Al adoption within human resource practices and improvements in decision making,
employee development and engagement. The implications illuminate that Al significantly streamlines HR
operational practices via strategic planning and taps into meaningful use of data to per-sonalize employee
development. Nevertheless, the study prompts concerns regarding data privacy, transparency and the
requirement for developing and upskilling of both employers and employees. The conclusion is that there
lies phenomenal potential for Al to transform the field of HR, but for Al to serve as a potential collaborative
process, a balanced ethi-cal and human centric approach is requisite.

Keyword: Artificial Intelligence, Human Resource Manage-ment, Employee Engagement, Human-

Machine Col-laboration, Personalized Development, HR Analyt-ics, Al in Recruitment, Automation,
Strategic HR, Digital Transformation
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Introduction
The emergence of Artificial Intelligence in Human Resource Management (HRM) represents a water-shed

moment for organizations across the globe that manage, develop and engage their employees. What began in
the late 1990s as a simple automation tool with an Applicant Tracking System (ATS) to recruit talent has now
become comprehensive, Al-enabled software supporting most facets of HR.

Generative Al tools such as ChatGPT and Copilot al-low HR to automate the generation of content to es-tablish
job descriptions, training materials, and com-municate with candidates, making the process both time and
content efficient and consistent. In addition, conversational Al (i.e., HR chatbots) can provide employees with
24/7 access to employee support by triaging repetitive HR questions associated with HR policies, benefits, and
performance systems, thereby allowing the HR professional to focus on higher stra-tegic initiatives.

HR technology has evolved substantially from re-mote payroll systems to cloud-based HR suites. This evolution
provides the groundwork for new and im-proved approaches to integrating advanced artificial intelligence (Al).
Initial Al suggestions emerged as limited applications like parsing resumes and the functionality of automated
applicant tracking sys-tems and have matured to intelligent solutions that provide context-based matching of
jobs to people and real-time assessments of behavior.

The strategic advantage of Al is that it transforms HR into a pathway of business enablement. More than 90%
of companies that send survey responses indi-cated that Al-led processes provided operational ef-ficiencies,
cost savings, and improved hiring accu-racy. One company stated that it could process hun-dreds of thousands
of applications using Al without sacrificing quality. Al's evolutionary path included personal onboarding
platforms that are now capable of providing unique pathways for learning-related to employee experience and

retention by gathering data-based insights.

AT’s utility comes from how its benefits relate to ex-isting capabilities in a broader offering, particularly around
Human Capital Management (HCM). HCM has quickly become a generic term that reflects an amalgamation
of the features and functionalities of recruiting, performance, learning, and analytics — all in one system —
which are built into modern cloud-hosted HCM platforms (e.g., Workday, Oracle HCM, SAP SuccessFactors).
Within the era of cloud computing, consumerism changed the approach to paying for common, capa-ble systems
into an understanding of multiplexing a powerful set of Al-based tools while being broadly available and

affordable for the small and medium-sized businesses (SMB) workforce.

Today’s workforce — especially those who are ‘dig-ital natives’ — have very high expectations for hu-man
resources. They want HR services to be intelli-gent, on-demand, and personalized. Al chatbots can accomplish
this type of immersive experience and el-evate cubicle-support approaches with contextual and self-service
support. Likewise, the learning and development (L&D) function has transitioned into Al-enabled content
subscriptions that customize in-formation specific to the learner's needs, interests, goals, and continued job
performance data.

While many of these processes improve the efficacy and efficiency of HR functions, they often result in
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stakeholders pressing for transparency and explaina-bility in the processes undertaken by Al with em-ployee

data. Transparency is especially critical in hir-ing and promotion evaluation, with workers seeking further
explanation of questions such as: how is my data collected and used, and is the process fundamen-tally ethical?
The conversations about Al span abso-lutely everything: ethical design and prototypes; Al and data governance;

fairness and bias mitigation; compliance to laws, regulations, standards and poli-cies; and much more.

In conclusion, the successful strategy and technical integration of Al in HR will require a well-balanced
approach that involves an ethical approach, that brings technology and worker-human empathy to-gether.
Companies must invest in not only their dig-ital platforms, but in both their workforce readiness, their ability to
change, and how they can add value to Al responsibly to fully realize the strategic poten-tial of Al in human

resource management

2. Literature Review

1. Artificial intelligence adoption in extended HR ecosystems: enablers and inhibitors (2024) - Singh and
Pandey: Identifies enablers/barriers to Al in HR; useful for assessing organizational readiness and

considering non-HR stakeholders.

2. Impact of Artificial Intelligence Technology on HR Practices in Indian IT Companies (2024) - Dr. B.

Sankar Naik: Supports use of secondary research; of-fers context for Al in Indian HR processes.

3. Al in HRM: Opportunities, Risks, and Ethical Im-plications in the Indian Context (2024) - Mathur and

Pandey: Balanced framework for benefits vs. risks; emphasizes ethical implications of Al in HR.

4. A Study on Al in Human Resource — Industry Per-spective (2022) - Maneesh M Haridasan: 75% of re-

cruitment tasks can be automated; helps frame Al's productivity benefits.

5. Challenges of Al in HRM in Indian IT Sector (2020) - Richa Verma and Dr. Srinivas Bandi: Em-

phasizes "trust" as key to human-machine collabora-tion.

6. Ethical Considerations in Al-Driven HR Analyt-ics: An Indian Perspective (2023) - Dr. Priya Sharma,
Dr. Rajesh Kumar: Discusses cultural vs. western ethics; offers ethical assessment tools for HR-AI sys-
tems.

7. Acceptance of Al Technologies Among HR Pro-fessionals in Indian Service Sector (2022) - Dr. Anand

Mishra, Deepika Gupta: Shows resistance patterns; suggests Technology Acceptance Model for

understanding adoption.
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Al-Based Talent Acquisition and Retention Strat-egies: Indian Startups (2023) - Dr. Neha Patel: Hy-

brid human-AlI systems work best; improves recruit-ment quality and retention.

Digital Transformation of HR Functions through Al: Indian Manufacturing (2021) - Dr. Vikram Singh,
Aarti Choudhary: Shows success factors in manufacturing; improves workforce efficiency and reduces

attrition.

Employee Perception of Al-Driven PMS in In-dian Organizations (2022) - Dr. Sunita Rao, Dr. Karan

Malhotra: Emphasizes transparency and over-sight to increase Al acceptance.

Skill Gap Analysis and Training Needs Using Al: Indian IT Professionals (2023) - Dr. Amit Kumar,

Pooja Desai: Al improves training efficiency; em-phasizes need for data standardization.

Al-Enabled Employee Engagement: Indian BPO Sector (2021) - Dr. Meenakshi Sharma, Dr. Prakash

Iyer: Shows better engagement with proactive Al systems; context-specific design is key.

Regulatory and Compliance Aspects of Al in In-dian HR (2022) - Dr. Sanjay Gupta, Ananya Mehta:

Highlights regulatory gaps; frames responsible Al governance needs.

Cultural Implications of Human-Machine Col-laboration in Indian Workplaces (2023) - Dr. Rahul
Choudhury, Dr. Priyanka Singh: Indian cultural atti-tudes matter; leadership endorsement increases

adoption.

Al-Driven Workforce Analytics: Predictive Models in Indian Corporates (2023) - Dr. Vivek Sharma,

Dr. Anita Desai: Predictive models improve workforce planning; recommends phased adoption.

Chatbots and Virtual Assistants in HR: Indian Banking Sector (2022) - Dr. Nandini Rao, Suresh

Menon: Strong operational impact; maturity models help phased implementation.

Al Ethics and Privacy in Indian HR Data Man-agement (2023) - Dr. Kavita Iyer, Dr. Sameer Patel: Al

governance is immature in many firms; ethics-by-design framework recommended.

Competency Mapping and Career Planning through Al (2022) - Dr. Ashok Menon, Divya Krish-nan:

Increases accuracy in planning; balances Al with manager judgment for better acceptance.
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Al Adoption in Indian Public Sector HR (2023) - Dr. Ramesh Singh, Lakshmi Venkatesh: Longer im-

plementation cycles; public-sector-specific roadmap is essential.

Al and Human Interaction at Team Level (2021)
a. Arslan, Cooper, Khan, Golgeci, Ali: Calls for tools to assess mixed teams; learns from computer

gaming psychology.

Al-Assisted HRM: Strategic Framework (2022)
a. Malik, Budhwar, Kazmi: Focus on strategic inte-gration but also employee concerns like

satisfaction.

Al: Challenges and Opportunities for Interna-tional HRM (2022) - Budhwar, Malik, De Silva,
Thevisuthan: Stresses need for cultural adaptability in Al HRM systems globally.

Adoption of Al in HRM Practices (2024) - Ni-shad, Hemalatha, Kumari, Vijayakumar: Shows real-

time analytics improve employee experience.

May the Bots Be With You! HR Cost-Effective-ness in MNEs (2020) - Strohmeier, Piazza: Balances

efficiency vs. ethics in international firms.

Disrupted HR? (2020) - Tambe, Cappelli, Yaku-bovich: HR evolving from admin to strategic Al gov-

€rnance.

Al for Supply Chain Resilience: Learning from COVID-19 (2021) - Dubey, Bryde, Foropon: Al sup-

ports workforce planning during disruptions.

Alin Tactical HRM: Systematic Literature Re-view (2021) - Fernandez, Gallardo-Gallardo: Advo-cates

for hybrid human-AlI systems in HR.

Al, Robotics, and HRM: Systematic Review (2020) - Stone, Deadrick: Emphasizes need for ethi-cal
guidelines in Al HRM.

New HRM Practices and Innovation in IT (2019)

a. Chang, Hwang, Kim: Links HRM innovation with Al and IT performance.

Al-Enhanced Client Relationship Management in HR (2020) - Liu, Huang, Wang: Al improves

stakeholder communication in HR.
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32. Role of Al in Recruitment and Selection (2020) - Johnson, Lukaszewski, Stone: Warns about algorith-

mic bias; transparency needed.

33. Al in Training and Development (2019) - Marler, Boudreau: Al enables adaptive training; bridges skill
gaps.

34. Human-AlI Collaboration in Performance Man-agement (2020) - Langer, Konig, Hemsing: Suggests

combining Al with human judgment for evaluations.

3. Research Methodology
3.1 Research Design

This research uses a mixed-methods research design to explore how artificial intelligence (AI) has been
integrated into human resource (HR) practices. Be-cause mixed-methods research is information-rich, the
mixed-methods approach provides a triangula-tion approach for having quantitative breadth and generalizability
combined with qualitative knowledge of considerable depth and context through qualitative data. Triangulation

leads to a more complete understanding of the intricacies in-volved with human—machine collaboration in HR.

Research Design

This study uses a quantitative, non-experimental de-sign, and serves as a descriptive-correlational study. The
purpose of the study is to explore the relation-ships between key variables: Al adoption, perceived usefulness,
transparency, organizational support, and resistance or acceptance of employees. Data will be collected at one
time point using structured surveys, making it a cross-sectional study. This design allows for patterns and
correlations to be identified without manipulation of conditions. It is important to present an indication of the

influence Al has on HR practices and how this affects employee perceptions

3.2 Quantitative Component

Survey Instrument

A structured online survey is designed that contains closed-ended questions (e.g., multiple choice) to match the
research objectives and hypotheses. The survey will span topics of operational efficiency, de-cision-making,
employee development, human—ma-chine collaboration, barriers, and contextual infor-mation regarding the
adoption of Al.

Sampling

The survey targets a broad audience, including HR professionals, business leaders, Al technology spe-cialists,
and academics/students, across various in-dustries and regions in India.

Data Collection

The survey is distributed electronically over a three-month period using platforms such as Google Forms.
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Data Analysis

Quantitative data is analyzed using descriptive statis-tics (frequencies, percentages, means) to examine re-

lationships between variables and test the stated hy-potheses.

3.3. Objectives of the study

The study encompasses FIVE comprehensive objec-tives designed to provide a holistic understanding of Al
integration in HR practices.

1. To evaluate whether Al integration in HR im-proves operational efficiency and decision-making quality
compared to traditional HR practices.

2. To investigate the extent to which Al adop-tion in HR creates new opportunities for per-sonalized
employee development and en-gagement.

3. To identify and assess the key challenges as-sociated with implementing Al in HR, in-cluding employee
resistance, skill gaps, and data privacy issues.

4. To examine the determinants of employee ac-ceptance and resistance towards Al in HR, fo-cusing on
perceived usefulness, transpar-ency, organizational support, and concerns about job security and privacy.

5. To explore how the opportunities and chal-lenges of AI-HR collaboration differs across various HR

functions and are shaped by con-textual factors like technological readiness and organizational culture.

3.4 Ethical Considerations

Informed Consent

All participants are informed about the purpose of the study, data confidentiality, and their right to with-draw
at any time.

Anonymity and Data Security

Responses are anonymized and securely stored to protect participant privacy.

3.5 Source of Data

The primary data source for this research will be re-sponses collected via a structured online survey dis-tributed
to the target audience. The survey will in-clude both closed-ended (quantitative) and open-ended (qualitative)
questions, ensuring a comprehen-sive understanding of Al integration in HR across various functions and

organizational contexts.

Types of Data Collected

1. Quantitative Data

. Numeric data which was obtained using nu-merical, closed-ended survey questions such as:

. Responses on a multiple-choice selection.

. Company demographic data (e.g., age, gen-der, role, years’ experience, industry sector, size of
organization)

2. Qualitative Data
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. Unstructured, textual data gained from open-ended survey questions including:

0 Personal experiences of Al adoption in HR;

0 Perceived advantages and challenges in respondents’ own words;

0 Comments on AI-HR collaboration model improvement;

0 Narratives regarding ethical strug-gles, job security, transparency is-sues.

3. HR-Specific Data Types

. Employee engagement and satisfaction data (from questions about engagement)

. Employee development and training require-ments (from questions about customized de-velopment)

. Organizational culture and readiness indica-tors (from questions about support and tech-nological
capabilities)

. Feedback on Al-based HR practices (e.g., re-cruitment, performance management, em-ployee support)

3.6 Sampling Technique

Non-Probability Sampling:

* Purposive Sampling: The survey will be in-tentionally shared with people that fit the de-sired target audience
(HR professionals, busi-ness leaders, Al developers, academics, and students in relevant fields). It will be
ensured that the respondents have relevant experience or interest in Al as it relates to HR.

*  Snowball Sampling: Participants will be en-couraged to send the survey to peers or col-leagues in their

professional networks. The survey will then expand to people in the con-tinued relevance of our topic.

Sample Size:
We collected data from a total of 103 respondents for the study. The target sample was 120 for greater rep-
resentativeness and statistical power. Nevertheless, the 103 we attained is still reasonable for exploratory

research and is sufficient for meaningful descriptive and basic inferential analyses.

Sampling Frame & Distribution
. Geographical Scope:
The survey will be open to respondents across India, without restriction to any spe-cific organization or region,

to ensure broad applicability and generalizability.

. Distribution Channels:

0 Professional HR associations and fo-rums

0 LinkedIn and other professional so-cial networks

0 Academic networks and university mailing lists

0 Direct email invitations to HR depart-ments and Al solution providers
Justification:

41 https://ijepfmjournal.com/index



IJRDO — Journal of Economics, Planning and Finance Management
This method of data collection guarantees that it comes from a relevant, diverse, and informed popu-lation of

individuals who can provide a variety of perspectives on Al as it relates to HR. Purposive and snowball sampling
are common in HR analytics when the population of interest has some sort of spe-cialized knowledge or

experience that is not availa-ble in random samples of the general population.

3.7 Steps of Data Analysis

1.Defined clean, complete, and unique response criteria.
2.Removed incomplete, duplicate, and low-quality entries.
3.Handled missing data appropriately.

DLyl 4.Normalized formats and validated consistency.
=laleloli=lslsElils] 5.Documented all cleaning steps.

1. Percentages used for categorical variables (e.g., Al usage by sector).
2.Central tendency measured via mean, median, mode (e.g., Al effectiveness ratings).
Descriptive 3.Visualizations (bar charts, pie charts, histograms) to aid interpretation.

Stastics

Hypothesis Testing
*Tests Used: Correlation and regression
«Significance Level: a = 0.05

*Decision Rule: p < 0.05 indicates significance

Inferential
Analysis

1.Linked findings to research objectives and hypotheses.
2.ldentified key trends, benefits, challenges, and anomalies.

. 3.Analyzed qualitative responses for contextual insights.
Interpretation yzeda P g

Highlighted key results with supporting data points.

1. Discussed implications for HR professionals, organizations, and tech developers.
2. Acknowledged limitations (e.g., sample size, data quality, generalizability).

3. Offered practical, evidence-based recommendations for future action.

Summary and
Findings

3.8 Operational Definitions

1. Artificial Intelligence (Al) in HR
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In this work, Al in HR is defined broadly as the use of advanced algorithms such as machine learning,

automation, or natural language processing to per-form, assist with, or augment the information and data
processing functions of HR in such areas as re-cruiting, performance management, employee en-gagement,

training and development, and workforce analytics.

2. Operational Efficiency

HR operational efficiency is defined as the degree to which Al shortens the time, cost, and manual effort
required to complete a HR process (e.g. time-to-hire, cost-per-hire, response time to employee inquiries) in

relation to traditional means.

3. Decision-Making Quality

Decision-making quality means how accurate, fair, consistent, and based on data HR decisions are, like picking

candidates, deciding on promotions, and evaluating performance. Al systems play arole in shaping these factors.

4. Personalized Employee Development

Personalized employee development is an Al pow-ered method that provides tailored guidance for train-ing,

development, and skill improvement for em-ployees based on their profile, performance data, and career goals.

5. Employee Engagement

Employees engagement is the extent to which an em-ployee feels committed to and satisfied with their
workplace, and motivation—all informed by their participation in Al-informed HR programs, engage-ment

feedback and recognition opportunities.

6. Human-machine collaboration

Human-machine collaboration in HR means the col-laboration, or relationship between human HR prac-
titioners or professionals, with Al systems that can perform HR functions. This entails clear role deline-ation,

and consideration of trust and transparency during the collaborative process.

7. Role Clarity

Refers to how well HR professionals and employees understand the specific responsibilities and limita-tions of

people and of Al systems with respect to the HR processes.

8. Trustin Al

Refers to the confidence HR professionals and em-ployees have in Al-generated recommendations. This relates

to their trust in using Al for consequen-tial HR decisions.
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9. Transparency

Refers to the extent to which stakeholders clearly un-derstand what processes, criteria, and rationale were used

in Al-supported HR decisions.

10. Employee Resistance

Employee resistance is operationalized as the level of reluctance, skepticism, or opposition shown by employees
with respect to the uptake of Al into HR. Employee resistance is measured through question-naire items about

employee concerns, fears, and views that are negative in nature.

11. Ethical Concerns

Ethical concerns are defined as anxieties about fair-ness, bias, discrimination, and the ethics of using Al in HR

processes.

12. Skill Gap

Skill gaps are defined as the difference between what it takes to work with or to manage Al-related systems in

HR, and the actual skill set of HR professionals or employees.

13. Data Privacy Concerns

Data privacy issues are defined as concerns about the collection, storage, use, and protection of employee

personal and sensitive data by Al-enabled HR sys-tems.

14.Technological Readiness

Technological readiness is defined as the degree to which the organizational possesses the IT infrastruc-ture,

data quality, and technological expertise to ef-fectively adopt and use Al in HR.

15.0rganizational Culture

Organizational culture refers to the collective atti-tudes, value, and behaviors of an organization that help to

shape how open, supportive, and adaptive it can be to engage in Al adoption in HR.

4. Sectoral Insights:

4.1. Healthcare Industry
» Workforce Strain: Persistent challenges with under-staffing, high turnover, and multifac-eted roles.

* Al Adoption: Al aids HR by automating re-cruitment, performance tracking, and sup-porting employee

satisfaction. Emphasis on technology awareness and influence of social platforms in successful adoption.
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* Major Challenges: Integrating Al without compromising patient care, retaining critical knowledge, and

addressing staff apprehen-sion and risks linked to Al
» Future Outlook: Ongoing digital transfor-mation, with HR aiming for strategic influ-ence and organizational

readiness for large-scale Al integration.

4.2. Hospitality Industry

 Distinctive Challenges: High turnover (~30%), seasonal staff needs, and maintain-ing service quality.

* Al Adoption: Rapid Al integration in recruit-ment, guest experience, and operational effi-ciency. Al reduces
costs, enhances candidate screening, and optimizes scheduling.

* Challenges: Gap between Al capabilities and industry expectations, risk of diminishing personal touch, and
training needs.

*  Future Outlook: Al expected to augment—not replace—the human element, freeing HR for strategic

engagement and improving em-ployee experience.

4.3. Manufacturing Industry

* Sector Complexity: Emphasis on operational efficiency, skills gaps, and compliance along-side technological
transformation.

* Al Adoption: High commitment (up to 96%) to Al for hiring, onboarding, and perfor-mance management.
Shift from manual to strategic HR activities.

» Key Barriers: Talent competition, legacy IT systems, and risk of critical knowledge loss due to staff turnover.
* Future Outlook: Transitioning to Industry 5.0, with digitalized recruitment, training, and engagement shaping

the new HR land-scape.

4.4. Education Industry

*  Operational Nuances: Complex HR due to varied employment categories, academic cal-endars, and
compliance requirements.

* Al Adoption: Growing use in recruitment, performance appraisals, and routine task au-tomation. Institutions
are leveraging Al for enhanced efficiency and upskilling.

* Challenges: Managing diverse pay struc-tures, outdated systems, and risk of errors in payroll/time tracking.
* Future Outlook: Automating HR tasks and adopting predictive analytics is set to im-prove workforce agility

and resilience.

4.5. Retail Industry

. Dynamic Demands: Seasonal fluctuations, high turnover, and customer-centric service demands.

» Al Adoption: High Al interest; focuses in-clude recruitment, workforce planning, and employee engagement.
Al aids in demand forecasting and training automation.

* Sector Challenges: High absenteeism, tem-porary staffing surges, compliance during peak seasons, and
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managing fluctuating workforce needs.

» Future Outlook: Increasing integration of Al for staff optimization, balancing efficiency without losing focus

on employee and cus-tomer needs.

4.6. Government/Public Sector

» Sector Specifics: Bureaucracy, compliance, legacy IT, and accountability shape unique HR needs.

* Al Adoption: Aimed at process automation, compliance tracking, and strategic analytics.

» Al promises significant productivity gains (up to 40% in knowledge roles).

* Industry Challenges: Slow response to tech-nology shifts, complex supplier relationships, and high regulatory
requirements.

* Future Outlook: Al set for transformative im-pact; focus on compliance, cost management, and bridging

workforce shortages.

4.7.  Telecommunications Industry

» Rapid Change: Fast-paced tech advances, skills gap, and competition for digital talent.

* Al Adoption: Nearly 90% of firms use or pi-lot Al, especially in recruitment and opera-tions. Market growth
projected to be substan-tial by 2025.

» Challenges: Workforce reductions, legacy system integration, data security, and race for skill advancement.
* Future Outlook: Al critical for self-optimiz-ing networks, workforce upskilling, and lev-eraging 5G/6G

advances. Industry stands at a pivotal Al adoption stage

5. Data Analysis & Interpretation
Table No 5.1: Shows extent has Al improved operational efficiency in your HR de-partment

Al improved operational efficiency Number of Respondent Percentage

Improvement in training efficiency (time and cost per

employee trained) 25 24.27%
Reduction in onboarding time to full productiv-ity 25 24.27%
Reduction in cost per hire 18 17.48%

Reduction in time to hire (time from job posting to

offer acceptance)- Reduction in time to hire (time from

job posting to offer acceptance) 18 17.48%
Reduction in time spent on routine employee in-quiries

(e.g., via Al ticket deflection) 17 16.50%
Grand total 103 100.00%
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Among 103 respondents, the top Al benefits were improved training efficiency and reduced onboarding time

(each 24.27%). Recruitment-related gains—reduced cost and time to hire—followed at 17.48%, while reduced

routine inquiries stood at 16.50%. These results indicate Al’s strongest impact lies in streamlining employee

development and onboarding, with balanced benefits across other HR functions.

Table No 5.2: Shows Al affected the quality of decision-making in HR specific areas

Al affected the quality of decision-making in HR spe-cific areasNumber of  Re-Percentage

spondent

Fairness and reduction of bias in HR decisions 27 26.21%

Personalization and

of employee development

recommendations 24 23.30%
Predictive accuracy for employee turnover and retention risks

22 21.36%
Accuracy of candidate screening and selection decisions 18 17.48%

Responsiveness and resolution quality in employee sup-port

queries

Grand Total

Descriptive Analysis:

12 11.65%
103 100.00%

Out of 103 respondents, fairness and reduction of bias in HR decisions emerged as the most significant Al-

driven improvement, selected by 27 respondents (26.21%). This was closely followed by personalization and

relevance of employee development recommendations, chosen by 24 respondents (23.30%), and predictive

accuracy for employee turnover and retention risks, cited by 22 respondents (21.36%). Accuracy of candidate

screening and selection decisions was noted by 18 respondents (17.48%), while responsiveness and res-olution

quality in employee support queries was selected by 12 respondents (11.65%).
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Al affected the quality of decision-making in HR specific

areas
30 26.21%
23.30%
25 21.36%
20 17.48%
15 11.65%
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Graph No 5.2: Shows Al affected the quality of decision-making in HR specific area
Inferences:

It can be inferred that fairness and reduction of bias in HR decisions has the highest share at 26.21%, indicating

it is the most critical area of focus or impact among the options pre-sented.

Table No 5.3: Shows level of automation is present in your recruitment process using Al

level of automation is present in your re- Number of respondents Percentage
cruitment process using Al
Offer Generation 21 20.39%
Interview Scheduling 17 16.50%
Resume Parsing 12 11.65%
Al Screening 11 10.68%
Background Check 10 9.71%
Candidate engagement 10 9.71%
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Candidate screening
Resume/CV parsing
Chabot Engagement
Background checks
Grand Total

Descriptive Analysis:

9
5
4
4
103

8.74%
4.85%
3.88%
3.88%
100.00%

Out of 103 respondents, offer generation was reported as the most automated stage in Al-driven recruitment,

selected by 21 respondents (20.39%). This was followed by interview scheduling, cited by 17 respondents

(16.50%), and resume parsing, chosen by 12 respond-ents (11.65%). Al screening and background checks were

each noted by around 10% of respondents, while candidate engagement and candidate screening were

mentioned by fewer participants (9.71% and 8.74%, respectively). The least automated processes in-cluded

resume/CV parsing (4.85%), chatbot engagement (3.88%), and background checks (3.88%)—though some

categories appeared duplicated, suggesting possible overlap in re-sponses.

Table No 5.4: Shows the extent Al enabled the following aspects of personalized em-ployee development in your

organization

Extent AI enabled the employee development in your
organization
Al recommends individualized learning and up-skilling
courses based on my skills and career goals.

Al connects me with personalized mentorship or coaching
programs.

Al identifies my skills gaps and suggests targeted training
opportunities.

Al matches me with relevant internal job opportuni-ties or
career paths.

Al provides real-time, tailored feedback on my per-
formance and development areas.

Grand Total

Descriptive Analysis:

Number of

respondents

26

25

19

17

16

103

Percentage

25.24%

24.27%

18.45%

16.50%

15.53%

100.00%

Out of 103 respondents, Al-driven personalized learning recommendations emerged as the most prominent

application, with 25.24% of respondents stating that Al suggests individ-ualized courses based on their skills
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and career goals. Closely following, 24.27% reported that Al helps connect them with personalized mentorship

or coaching programs, highlight-ing its role in fostering career growth through guided support. Additionally,
18.45% indi-cated that Al identifies their skill gaps and recommends targeted training, while 16.50% mentioned
Al assists in matching them with internal job opportunities or career paths. A slightly smaller proportion

(15.53%) noted AI’s role in providing real-time, tailored per-formance feedback.

Extent Al enabled the employee development in your
organization

30 30.00%

25 25.00%
20 20.00%
17
16
15 15.00%
10 10.00%
5 5.00%
0 0.00%
Al recommends Al connects me with Al identifies my skills Al matches me with Al provides real-
individualized personalized gaps and suggests  relevant internal job time, tailored
learning and mentorship or targeted training opportunities or feedback on my
upskilling courses  coaching programs. opportunities. career paths. performance and
based on my skills development areas.

and career goals.
B Number of respondent === Percentage

Chart No 5.4: Shows the extent Al enabled the following aspects of personalized em-ployee development in your

organization

Inference:

It can be inferred that Al recommending individualized learning and upskilling courses based on employees'
skills and career goals is the most prominent application, accounting for 25.24%, highlighting AI’s key role in

personalizing employee development.

Table No 5.5: Shows effective are Al-driven engagement platforms in the following areas compared to traditional methods
The effectiveness of Al-driven engage-ment  Number of re-spondents
platforms (traditional methods) Percentage
Enabling participation in internal gig pro-jects or

cross-functional teams. 25 24.27%
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Improving overall employee satisfaction and 23 22.33%

retention.
Facilitating real-time, two-way feedback between
employees and managers. 20 19.42%
Delivering personalized recognition and re-wards for
achievements. 19 18.45%
Customizing wellness and benefits recom-

mendations to individual needs 16 15.53%

Grand Total 103 100.00%

Descriptive Analysis:

The survey of 103 HR professionals reveals that Al is making the most significant impact in enabling internal
mobility, with 24.27% reporting its effectiveness in facilitating partic-ipation in gig projects and cross-
functional teams, followed closely by 22.33% who credit Al with improving employee satisfaction and
retention. Additionally, 19.42% highlight Al's role in enabling real-time feedback between employees and
managers, while 18.45% value its ability to deliver personalized recognition, and 15.53% appreciate its use in
cus-tomizing wellness recommendations, demonstrating Al's multifaceted role in enhancing different aspects

of the employee experience from collaboration to wellbeing.

Table No 5.6: Shows how clear are the roles and responsibilities between HR staff and Al systems in your organization in
the following areas

How clear are the roles and responsibilities between =~ Number of respond-ents

HR staff and Al systems in your or-ganization Percentage
Making final hiring decisions 24 23.30%
Screening and shortlisting candidates 24 23.30%
Managing employee performance data 20 19.42%
Handling employee queries via chatbots or vir-tual 18 17.48%

assistants

Recommending employee development opportu-nities 17 16.50%
Grand Total 103 100.00%

significant role in recruitment and talent management, with 23.30% of respondents utiliz-ing Al for both final
hiring decisions and candidate screening/shortlisting. Another 19.42% leverage Al for managing employee
performance data, while 17.48% employ chatbots or virtual assistants to handle employee queries. A slightly
smaller but still notable proportion (16.50%) use Al to recommend employee development opportunities,
demonstrating that while Al's primary HR applications currently focus on recruitment efficiency, organiza-tions
are increasingly adopting it for performance management and employee support func-tions as well. The findings

suggest Al is becoming a versatile tool across the entire em-ployee lifecycle, from hiring to development.
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How clear are the roles and responsibilities between HR staff and Al
systems in your organization

Making final hiring decisions

Screening and shortlisting candidates
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Handling employee queries via..

Recommending employee development_..

Chart No 5.6: Shows how clear are the roles and responsibilities between HR staff and Al systems in your organization
in the following areas
Inference:
It can be inferred that making final hiring decisions holds the highest clarity in role distri-bution between HR
staff and Al systems, with 23.30%, suggesting that organizations pre-dominantly rely on human judgment for

critical decision-making, even in Al-integrated processes.

Table No 5.7: Shows trust Al-generated recommendations in HR for the following decisions
Trust Al-generated recom-mendations in HR for the =~ Number of respondents Percentage

following decisions

Recommendations for learning and development paths 27 26.21%
Candidate suitability for open positions 25 24.27%
Predicting employee attrition or retention risk 19 18.45%
Automated responses to em-ployee HR inquiries 17 16.50%
Suggestions for employee pro-motions or raises 15 14.56%
Grand Total 103 100.00%
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Descriptive Analysis:

The survey of 103 respondent’s highlights varying levels of trust in Al-generated HR rec-ommendations, with
the highest confidence (26.21%) placed in Al for learning and devel-opment path suggestions, indicating its
perceived value in personalized employee growth. Candidate suitability recommendations follow closely at
24.277%, reflecting Al's growing role in recruitment decisions, while predicting attrition or retention risks
garners moderate trust (18.45%), suggesting cautious reliance on Al for workforce stability insights. Auto-
mated HR inquiry responses (16.50%) and promotion/raise suggestions (14.56%) trail be-hind, likely due to
concerns over impersonal interactions and biases in sensitive decisions. Overall, while Al is most trusted in
developmental and hiring contexts, skepticism remains in areas requiring nuanced human judgment, signaling

a need for balanced Al-human col-laboration in HR functions.

Table No 5.8: Shows transparent are Al processes and decisions in your HR depart-ment in these areas

Transparent are Al processes and decisions in your HR department Numberof Percentage
in these areas respondents

Criteria used by Al for screening and ranking candidates 24 23.30%
How Al-generated recommendations are ex-plained to HR staff 21 20.39%
Availability of explanations for automated HR decisions 20 19.42%
Communication to employees about Al’s role in HR decisions 19 18.45%
Opportunities for employees to challenge or ap-peal Al-driven outcomes 19 18.45%
Grand Total 103 100.00%

Descriptive Analysis:

The survey of 103 respondents reveals moderate transparency in Al-driven HR processes, with the clearest
understanding in Al screening criteria (23.30%) and slightly lower clarity in explaining recommendations to
HR staff (20.39%). Transparency declines further in ex-plaining automated decisions (19.42%) and
communicating Al's role to employees (18.45%), while opportunities to challenge Al outcomes (18.45%)
remain limited. These findings suggest organizations prioritize recruitment transparency over employee-facing
explanations, indicating a need for stronger accountability measures and clearer communi-cation around Al

decision-making in HR.
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Transparent are Al processes and decisions in your HR department in these areas
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Chart No 5.8: Shows transparent are Al processes and decisions in your HR depart-ment in these areas

It can be inferred that the criteria used by Al for screening and ranking candidates is per-ceived as the most
transparent area in Al processes within HR, with 23.30%, suggesting that organizations are making efforts to

clarify how Al evaluates and filters talent.

Table No 5.9: Shows your organization provide training or guidelines on ethical and responsible use of Al in HR
Your organization provide training or guide-lines on Number of respond-ents Percentage

ethical and responsible use of AI in HR

Yes, comprehensive training and guidelines 30 29.13%

Yes, limited training or guidelines 29 28.16%

No, and no plans currently 22 21.36%

No, but planning to implement 22 21.36%
Grand Total 103 100.00%

Descriptive Analysis:
The survey of 103 organizations highlights a fragmented approach to ethical and responsi-ble Al use in HR.

Only 29.13% of respondent’s report providing comprehensive training and guidelines, while a nearly equal
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share (28.16%) offers only limited resources. Notably, 42.72% of organizations currently lack any form of

training, with half of this planning future implementation. This distribution suggests that while awareness of
ethical Al is growing, a substantial portion of organizations remain unprepared or are just beginning to address
these critical issues. The findings underscore the need for broader adoption of ro-bust training and clear

guidelines to ensure ethical, transparent, and accountable Al prac-tices in HR.

Table No 5.10: Shows channels are available and accessible in your organization for employees to voice concerns or seek
clarification about Al-driven HR decisions

Channels are available for employees to voice concerns or seek clarification Number of re- Percentage

about Al-driven HR decisions spondents

Al-powered chatbots for real-time support 24 23.30%

Escalation process for appealing Al-driven decisions 20 19.42%

Internal communication platforms (e.g., Slack, Teams) with HR support channels 14 13.59%
Dedicated HR helpdesk (email or phone) 13 12.62%

Anonymous online feedback forms 11 10.68%

Regular one-on-one meetings with HR managers 11 10.68%

Employee surveys with open comment sec-tions 10 9.71%
Grand Total 103 100.00%

Descriptive Analysis:

The survey of 103 respondents reveals a mixed approach to addressing Al-related em-ployee concerns. Al
chatbots are most used (23.30%), while escalation processes (19.42%) and traditional methods like HR
helpdesks (12.62%) and feedback forms (10.68%) remain relevant. The results suggest a blend of digital and

human channels, but emphasize the need for more structured, accessible communication systems.

Channels are available and accessible in your organization for employees to
voice concerns or seek clarification about Al-driven HR decisions

13
- - 10
W Number of respodent
62% NEt BB Y 71%
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Chart No 5.10: Shows channels are available and accessible in your organization for employees to voice concerns or

seek clarification about Al-driven HR decisions
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Inference:
It can be inferred that Al-powered chatbots for real-time support are the most commonly available channel for
employees to voice concerns or seek clarification about Al-driven HR decisions, as indicated by 23.30% of

respondents, highlighting a growing reliance on instant, tech-enabled communication tools in HR

Table No 5.11: Shows methods HR department use to evaluate the effectiveness of Al tools

Methods HR department use to evaluate the effective-ness of Al Number of Percentage
tools respondents
Regular feedback collection from HR staff using the Al tools 21 20.39%
Employee and candidate satisfaction surveys specific to Al-driven 19 18.45%
processes
Automated Al tool performance analytics 19 18.45%
Ongoing monitoring for ethical risks, algorithmic bias, and 14 13.59%

regulatory compliance

Formal audits or compliance checks for bias, transparency, and data 14 13.59%
privacy
Comparative analysis of key performance indicators (KPIs) 9 8.74%
Periodic external consultant or third-party evaluations of Al systems 7 6.80%
Grand Total 103 100.00%

Descriptive Analysis:

The survey of 103 organizations shows a varied approach to evaluating Al tools in HR. The most common
method is collecting feedback from HR staff (20.39%), followed by satisfaction surveys and performance
analytics (both 18.45%). Monitoring ethical risks and formal audits are each used by 13.59%, while KPI
comparisons (8.74%) and external eval-uations (6.80%) are less common. These results highlight a mix of
internal feedback, data analysis, and compliance checks, with room for more consistent and thorough evaluation

practices.

Table No 5.12: Shows the biggest challenge your organization faces in implementing Al in HR

Biggest challenge your organization faces in im- Number of respond-ents Percentage
plementing Al in HR
Employee resistance 37 35.92%
Management support 16 15.53%
Budget constraints 15 14.56%
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Skill gaps 14 13.59%
Ethical concerns 12 11.65%
Data privacy issues 9 8.74%

Grand Total 103 100.00%

Descriptive Analysis:

The survey of 103 organizations identifies employee resistance (35.92%) as the biggest challenge in
implementing Al in HR, signaling concerns over job security or trust in Al systems. Management support
(15.53%) and budget constraints (14.56%) also pose signif-icant barriers, reflecting organizational and financial
hesitations. Other issues include skill gaps (13.59%), ethical concerns (11.65%), and data privacy (8.74%),
suggesting that while Al adoption is advancing, many organizations still struggle with cultural, technical, and

governance-related hurdles.

Chart No 5.12: Shows the biggest challenge your organization faces in implementing Al in HR

Biggest challenge your organization faces inimplementing Al
in HR
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Inference:
It can be inferred that employee resistance is the biggest challenge organizations face in implementing Al in
HR, as reported by 35.92% of respondents. This suggests that address-ing change management and building

trust are crucial for successful Al adoption.
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Table No 5.13: Shows colleagues expressed concerns about data privacy with Al in HR

Colleagues expressed con-cerns about data  Number of respondents Percentage
privacy with Al in HR
Frequently 38 36.89%
Rarely 25 24.27%
Never 25 24.27%
Occasionally 15 14.56%
Grand Total 103 100.00%

Descriptive Analysis:

The survey reveals that concerns about data privacy in Al-driven HR processes are preva-lent among colleagues,
with 36.89% reporting such concerns frequently. An equal number of respondents said these concerns are rarely
or never expressed (24.27% each), while 14.56% noted occasional concerns. This distribution suggests that
while data privacy re-mains a top issue for many, others either trust the systems in place or lack awareness,

high-lighting the need for clearer communication and stronger data governance in Al adoption

Table No 5.14: Shows formal policies or governance frameworks specifically address-ing Al ethics and data privacy in

HR

Formal policies or governance frameworks specifi-cally Number of re- Percentage
addressing Al ethics and data privacy in HR spondents
No formal policies yet, but planning to implement 29 28.16%
No policies or governance currently 27 26.21%
Partial policies, still developing frameworks 26 25.24%
Yes, comprehensive policies and governance in place 21 20.39%
Grand Total 103 100.00%

Descriptive Analysis:

The survey of 103 organizations reveals that formal governance around Al ethics and data privacy in HR is still
evolving. While 28.16% of respondents are planning to implement formal policies, 26.21% currently have none,
and 25.24% are in the process of developing partial frameworks. Only 20.39% report having comprehensive
policies in place. This dis-tribution indicates that although awareness is growing, most organizations are still in

the early stages of establishing structured and responsible Al governance in HR.
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Chart No 5.14: Shows formal policies or governance frameworks specifically address-ing Al ethics and data privacy in

HR

Inference:

It can be inferred that a majority of organizations do not yet have formal policies or gov-ernance frameworks
addressing Al ethics and data privacy in HR, but 28.16% of respond-ents indicated that their organizations are

planning to implement them, reflecting a growing awareness and intent to establish responsible Al practices.

Table No 5.15: Shows useful do you find Al tools in your HR tasks

Useful do you find Al tools in your Number of respondents Percentage
HR tasks
Slightly useful 28 27.18%
Extremely useful 24 23.30%
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Not useful at all 20 19.42%

Moderately useful 18 17.48%

Very useful 13 12.62%
Grand Total 103 100.00%

Descriptive Analysis:

The survey of 103 organizations shows mixed perceptions about the usefulness of Al tools in HR tasks. While
27.18% find them only slightly useful, 23.30% consider them extremely useful, and 17.48% rate them as
moderately useful. Notably, 19.42% feel Al tools are not useful at all, and only 12.62% find them very useful.
These results suggest that while Al has potential, its perceived value varies widely, influenced by the tools'

implementation quality, user experience, and alignment with HR needs.

Table No 5.16: Shows transparent is your organization about the use of Al in HR
Transparent is your organiza-tion Number of respondents Percentage

about the use of AI in HR

Extremely useful 24 23.30%
Moderately useful 18 17.48%
Not useful at all 20 19.42%
Slightly useful 28 27.18%
Very useful 13 12.62%
Grand Total 103 100.00%

Descriptive Analysis:

The survey of 103 organizations reveals varying levels of transparency around the use of Al in HR. While
27.18% of respondents feel their organization is only slightly transparent, 23.30% believe it is extremely
transparent, and 17.48% perceive moderate transparency. Meanwhile, 19.42% report no transparency at all, and
only 12.62% view their organization as very transparent. These findings indicate a lack of consistent
communication, suggesting that many organizations have yet to fully inform or involve employees in Al-related

HR processes.
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Transparent is your organization about the use of Al in HR
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Chart No 5.16: Shows transparent is your organization about the use of Al in HR
Inference:

It can be inferred that 23.30% of respondents perceive their organization as extremely transparent about the use
of Al in HR, indicating a positive effort by some organizations to openly communicate Al-related practices and

decisions.

Table No 5.17: Shows organization provide support for employees adapting to Al in HR
Organization provide support for Number of respondents Percentage

employees adapting to Al in HR

Yes, extensive support 35 33.98%
Some support 30 29.13%
Minimal support 24 23.30%
No support 14 13.59%
Grand Total 103 100.00%
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Descriptive Analysis:

The survey of 103 organizations highlights differing levels of support provided to employ-ees adapting to Al in
HR. 33.98% of respondents report receiving extensive support, while 29.13% receive some support. 23.30%
mention receiving only minimal support, and 13.59% state there is no support at all. These findings indicate
that while many organiza-tions are making efforts to ease the transition to Al, a considerable number still lack

suffi-cient measures to support their workforce through this change

Table No 5.18: Shows specific strategies that your organization has adopted to over-come employee resistance to Al in HR
Specific strategies adopted to Number of respondents Percentage

overcome employee resistance to Al in

HR
Involvement 13 12.62%
Communication 13 12.62%
Workshops 11 10.68%
Anonymous feedback 11 10.68%
Redesign 10 9.71%
Rewards 10 9.71%
Training 9 8.74%
Governance 8 7.77%
Self-service tools 8 7.77%
Recognition 6 5.83%
Ethical guidelines 4 3.88%
Grand Total 103 100.00%

Inference:
It can be inferred that involvement and communication are the most commonly adopted strategies to overcome
employee resistance to Al in HR, each cited by 12.62% of respond-ents. This highlights the importance of

engaging employees and maintaining transparent communication to build trust in Al systems.

Table No 5.19: Shows preferred source to learn about Al in HR:

Preferred source to learn about Al in HR: Number of re- Percentage
spondents
Accredited online courses or webinars 27 26.21%
Structured internal company training programs 18 17.48%
Industry conferences and professional seminars 17 16.50%
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Curated blogs or podcasts by recognized HR/AI experts 16 15.53%
Peer discussion forums or HR professional communities 13 12.62%
Social media channels focused on HR technology 12 11.65%
Grand Total 103 100.00%

Descriptive Analysis:

The survey of 103 organizations highlights diverse preferences for learning about Al in HR. Accredited online
courses or webinars are the most preferred source, chosen by 26.21% of respondents, reflecting a demand for
credible and flexible learning. Structured internal training programs (17.48%) and industry conferences or
seminars (16.50%) also rank high, showing the value of formal and experiential learning. Other sources include
expert-led blogs or podcasts (15.53%), peer forums (12.62%), and social media channels (11.65%), indicating

a growing interest in informal, community-based, and easily accessi-ble content.

Table No 5.20: Shows HR function has benefited most from Al in your organization
HR function has benefited most from Al in Number of respondents Percentage

your organization

Recruitment 27 26.21%
Onboarding 20 19.42%
Employee Engagement 16 15.53%
Performance Management 15 14.56%
Payroll 13 12.62%

Learning & Development 12 11.65%
Grand Total 103 100.00%

Descriptive Analysis:

The survey of 103, where it tells that Recruitment (26.21%) is the HR function that has benefited the most from
Al, reflecting its strong impact on automating and streamlining hiring processes. This is followed by
Onboarding (19.42%), Employee Engagement (15.53%), and Performance Management (14.56%), indicating
Al’s growing role in en-hancing employee experience and tracking outcomes. Functions like Payroll (12.62%)
and Learning & Development (11.65%) also show notable benefits, suggesting that Al is con-tributing across

multiple HR areas, with recruitment leading the way in adoption and ef-fectiveness.
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Chart No 5.20: Shows HR function has benefited most from Al in your organization
Inference:
It can be inferred that recruitment is the HR function that has benefited the most from Al in organizations, as
reported by 26.21% of respondents, indicating that Al is playing a significant role in streamlining and enhancing

the hiring process.

Table No 5.21: Shows HR function faces the most challenges with Al integration
HR function faces the most chal-lenges Number of records Percentage

with Al integration

Learning & Development 22 21.36%
Payroll 21 20.39%
Onboarding 20 19.42%
Recruitment 16 15.53%
Performance Management 13 12.62%
Employee Engagement 11 10.68%
Grand Total 103 100.00%

Descriptive Analysis:

The survey of 103 reveals that Learning & Development (21.36%) is the HR function fac-ing the most
challenges with Al integration, likely due to the complexity of customizing training to individual needs. Payroll
(20.39%) and Onboarding (19.42%) also face signifi-cant hurdles, possibly linked to data accuracy, system
compatibility, and compliance re-quirements. Other areas such as Recruitment (15.53%), Performance
Management (12.62%), and Employee Engagement (10.68%) report comparatively fewer challenges. These
findings suggest that while Al adoption is advancing, certain HR functions still en-counter significant

integration obstacles, especially those requiring personalization or high levels of accuracy.
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Table No 5.22: Shows primarily responsible for implementing Al in HR in your or-ganization

Primarily responsible for implementing AI in HR in your Number of re- Percentage
organization spondents
HR department 24 23.30%
IT department 20 19.42%
C-suite leadership or executive steering committee 19 18.45%
Joint HR-IT task force with defined cross-functional roles 16 15.53%
Dedicated HR technology or digital transformation team 13 12.62%
External Al consultants or solution vendors 11 10.68%
Grand Total 103 100.00%

Descriptive Analysis:

The survey of 103 shows that responsibility for implementing Al in HR is distributed across various roles. The
HR department (23.30%) leads the efforts in most organizations, followed by the IT department (19.42%) and
C-suite leadership or executive committees (18.45%), reflecting both operational and strategic involvement. A
joint HR-IT task force (15.53%) and dedicated HR tech teams (12.62%) also play key roles, emphasizing cross-
functional collaboration. External Al consultants or vendors (10.68%) are less commonly used, suggesting that

most organizations prefer to manage Al integration internally, with varying levels of support and expertise.

Primarily responsible for implementing Al in HR in your organization
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Chart No 5.22: Shows primarily responsible for implementing Al in HR in your or-ganization
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Inference:
It can be inferred that the HR department is primarily responsible for implementing Al in HR, as indicated by
23.30% of respondents. This reflects the growing ownership and lead-ership of HR teams in driving Al adoption

within their function.

Table No 5.23: Shows type of Al tools are currently used in your HR department

Al tools are currently used Number of respond-ents Percentage
Automated resume screening and ranking software 26 25.24%
Personalized learning recommendation engines (LMS) 19 18.45%
Al-powered chatbots 16 15.53%
Performance analytics dashboards 15 14.56%

Al-driven facial expression analysis 14 13.59%
Al tools for compliance management 13 12.62%

Grand Total 103 100.00%

Descriptive Analysis:

The survey of 103 reveals the current usage patterns of Al tools in HR. Automated resume screening and ranking
software is the most widely used, reported by 25.24% of respond-ents, highlighting AI’s strong presence in
recruitment. Personalized learning recommenda-tion engines (18.45%) and Al-powered chatbots (15.53%) are
also popular, supporting learning and employee interaction. Performance analytics dashboards (14.56%) and
facial expression analysis tools (13.59%) indicate growing interest in performance monitoring and behavioral
insights. Compliance management tools (12.62%) are the least used, sug-gesting that while Al adoption is

broadening, its application in regulatory areas is still emerging.

Table No 5.24: Shows the level of automation is present in your recruitment process using Al
level of automation is present in your recruit-ment Number of respond-ent Percentage

process using Al

Background checks 26 25.24%

Interview scheduling 22 21.36%

Offer generation 20 19.42%

Candidate engagement (Chatbot Engagement) 13 12.62%
Resume/CV parsing 11 10.68%

Candidate screening (Al Screening) 11 10.68%
Grand Total 103 100.00%
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Descriptive Analysis:

The survey of 103 indicates varied levels of automation in the recruitment process through Al. Background
checks (25.24%) and interview scheduling (21.36%) are the most auto-mated tasks, reflecting efforts to
streamline administrative functions. Offer generation (19.42%) also sees notable automation, supporting quicker
hiring decisions. Meanwhile, candidate engagement via chatbots (12.62%), resume parsing, and Al-based
screening (each at 10.68%) show that while automation is present in early-stage recruitment, its full potential in

talent evaluation and engagement is still being explored.

Level of automation is present in your recruitment process using Al

30

26
25
22
20
20
L3 13
B Humber of respodent
11 11 ' podsn
W Percentage
10 -
5
.24% 1.36% 9.42% 62% 0.68% 0.658%
0 —_ — —_— e - —
Background  Interview Offer Candidate  Resume/CV  Candidate
checks scheduling  generation  engagement parsing  screening (Al
{Chathot Screening)

Engagement)

Chart No 5.24: Shows the level of automation is present in your recruitment process using Al

Inference:

It can be inferred that background checks represent the highest level of automation in the recruitment process
using Al, as indicated by 25.24% of respondents, highlighting a key area where Al is effectively enhancing

efficiency and accuracy.

Hypothesis Testing and Statistical Analysis
Hypothesis 1: Al Integration and HR Performance Statement:

There is a significant positive relationship between the integration of Al in HR and the operational efficiency

and decision-making quality in HR functions.
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Correlation Matrix

Operational Effi-ciency  Decision-Making Al Automation Method

Quality
Operational Effi-ciency 1.000 0.923 0.953
Decision-Making Quality 0.923 1.000 0.968
Al Automation Method 0.953 0.968 1.000

Interpretation:
» Very strong positive relationships among all variables.

* Null hypothesis rejected; Al significantly improves HR outcomes.
Regression Analysis
Dependent Variables: Operational Efficiency, Decision-Making Quality

Independent Variable: AI Automation Method

Model Summary — Decision-Making Quality

Metric Value

R? 0.9378
Adjusted R? 0.9372
F-statistic 1584.21
Significance F 3.66E-65

Model Summary — Operational Efficiency

Metric Value

R? 0.9091

Adjusted R? 0.9083
F-statistic 1050.40
Significance F 1.70E-56

Al significantly enhances both operational efficiency and decision-making quality in HR.

Hypothesis 2: Al and Personalized Employee Development Correlation Matrix

Personalized Development Engagement Effectiveness
Personalized Development 1.000 0.983
Engagement Effectiveness 0.983 1.000
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Regression Summary

Metric Value
R? 1.000
F-statistic 5.45 x 1032
Significance F 0
Coefficient 1.000

Conclusion:

A perfect and significant relationship exists; Al strongly enhances personalized develop-ment and engagement.

Hypothesis 3: AI Implementation and HR Challenges

Correlation Matrix

Emp. Re-sistance Skill Gaps Data Pri-vacy Al Automa-tion

Employee Re-sistance 1.000 0.892 0.892 0.952
Skill Gaps 0.892 1.000 1.000 0.972

Data Privacy Issues 0.892 1.000 1.000 0.972

Al Automation Level 0.952 0.972 0.972 1.000

Regression Summary

Metric Value

R? 0.9804
F-statistic 2497.566
Significance F 4.05E-93

Conclusion:
Al adoption is significantly associated with challenges like resistance, skill gaps, and pri-vacy issues.

Hypothesis 4: Factors Influencing Resistance to AI Correlation Matrix

Variable Resistance Correlation
Usefulness -0.970
Job Security Concern 0.980
Transparency -0.963
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Regression Summary

Metric Value
R? 0.9742
F-statistic 732.996
Significant Predictors Support, Job Security Concern

Conclusion:

Resistance is significantly driven by fears, and mitigated by support from organization.
Hypothesis 5: Functional Variation in AI-HR Collaboration Correlation Matrix Highlights
. Tech Readiness «» Benefit: r = 0.471 (Moderate Positive)

. Culture Support <> Challenges: r = -0.275 (Moderate Negative)

Regression Model 1: Most Benefited HR Function

Metric Value
R? 0.222
Sig. Predictor Tech Readiness (p <0.001)

Regression Model 2: Most Challenging HR Function

Metric Value
R? 0.084
Sig. Predictor Culture Support (p = 0.017)

Conclusion:

Contextual factors like tech readiness and culture significantly influence AI-HR opportu-nities and challenges.

Findings & Discussion

6.1. Key Findings

1. AI Impact on HR Operational Efficiency and De-cision-Making Quality

The research demonstrates exceptionally strong pos-itive correlations between Al implementation and HR
performance metrics:

* Operational Efficiency: Al automation meth-ods show a correlation coefficient of 0.953 with operational

efficiency, indicating that Al integration significantly enhances HR process efficiency
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* Decision-Making Quality: An extremely strong correlation (0.968) exists between Al automation and

decision-making quality, suggesting Al tools substantially improve HR decision-making processes
» Statistical Significance: Both regression analyses achieved R? values above 0.90, ex-plaining over 90% of

variance in HR perfor-mance outcomes, with p-values < 0.001

2. AI-Driven Personalization in Employee Develop-ment

The study reveals that Al-powered personalization is transforming employee development:

* Individualized Learning: Al recommending personalized learning and upskilling courses accounts for 25.24%
of applications, making it the most prominent Al application in em-ployee development.

» Perfect Correlation: A correlation coefficient of 0.983 between personalized development and engagement
effectiveness indicates Al's exceptional ability to enhance employee ex-periences.

» Adaptive Learning Systems: Al platforms can assess employee skills, performance data, and career goals to

create customized learn-ing journeys that align with both individual aspirations and organizational needs.

3. Challenges and Resistance Factors

The research identifies significant implementation challenges:

* Employee Resistance: The most substantial challenge (35.92% of respondents) is em-ployee resistance to Al
implementation, highlighting the critical importance of change management.

 Data Privacy Concerns: 36.89% of respond-ents express concerns about data privacy, making it a frequently
discussed issue in AI-HR integration.

 Skill Gaps: Strong correlations (0.972) exist between Al implementation levels and skill gaps, indicating that

higher Al adoption cre-ates greater demands for workforce up-skilling.

4. Bias and Fairness Considerations

The study emphasizes the dual nature of Al's impact on fairness:

* Bias Reduction Potential: Fairness and reduc-tion of bias in HR decisions represents 26.21% of Al's impact
areas, indicating sig-nificant potential for improving equitable practices.

» Bias Amplification Risk: However, Al sys-tems can inherit and amplify existing biases from historical data,
particularly in recruit-ment and performance evaluation.

* Transparency Needs: 23.30% of respondents perceive high transparency in Al screening criteria, though this

varies significantly across organizations.

5. Strategic HR Function Transformation

The research reveals Al's role in elevating HR from administrative to strategic functions:
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* Recruitment Leadership: 26.21% of respond-ents identify recruitment as the HR function benefiting most

from Al, particularly through automated resume screening (25.24%)

» Strategic Workforce Planning: Al enables predictive analytics for talent needs, succes-sion planning, and
workforce optimization.

» Performance Management Evolution: Al transforms performance management from periodic reviews to

continuous, data-driven feedback systems.

7. Conclusion & Recommendations

The Role of Artificial Intelligence in Human Re-source Practices: Opportunities and Challenges of Human-
Machine Collaboration

The research reveals that Al integration has an over-whelmingly positive impact on HR performance, sig-
nificantly enhancing operational efficiency and deci-sion-making quality. Extremely strong correlations (above
0.95) and high R? values (exceeding 0.90) provide robust statistical evidence that Al is a pow-erful enabler of
strategic HR functions. One of the most transformative findings is Al’s ability to per-sonalize employee
experiences, which shows a per-fect correlation with improved engagement effec-tiveness. This indicates that
individualized ap-proaches in development, learning, and career pro-gression are essential to maximizing Al’s
benefits in HR.

However, the study also emphasizes the importance of maintaining a balance between human and ma-chine
collaboration. While Al excels in automation and analytics, human oversight remains crucial in ar-eas that
require empathy, ethical judgment, and com-plex decision-making. The principle of “augmenta-tion rather than
replacement” emerges as critical for sustainable adoption. Furthermore, high levels of employee resistance
(35.92%) and data privacy con-cerns (36.89%) highlight that technical implementa-tion alone is not enough.
Effective change manage-ment—including transparent communication and proactive engagement—is vital for
organizational success.

Lastly, the research underscores that contextual fac-tors such as technological readiness, organizational culture,
and existing HR capabilities significantly in-fluence Al implementation outcomes. Therefore, or-ganizations
must assess their specific contexts and develop tailored strategies to ensure a smooth and successful integration

of Al into HR practices.

Recommendations and Suggestions

1. Strategic Implementation Framework Phased Ap-proach:

Organizations should carry out the implementation of Al in HR using a systematic phased approach:

» Phase 1: Automate business as usual administrative routines (for example resume screening, scheduling, fast
data entry)

* Phase 2: Use Al analytic capabilities to support performance management and workforce planning

* Phase 3: Use advanced personalization and predic-tive analytics Pilot Programs: Start with narrow scope

pilot programs to demonstrate value and begin to institute organizational confidence before full-scale
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deployment.

2. Combatting Resistance and Building Trust

Develop change management elements that in-cluded:

*Immediate and transparent communications: com-municating the benefits and limits of Al and its influ-ence
upon people's jobs

*Besides providing support - inviting employees to design Al and what it will bring to their work respon-
sibilities

* Lots of upskilling and training

Trustworthiness initiatives: be transparent with your Al and:

* Articulate clearly how Al is rendering its decisions

* Regularly audit the Al for performance and bias

* Facilitate a mechanism for employee feedback and employee concerns

3. The Role of Ethical AI

* Mitigating Bias: Develop broad frameworks for bias detection and reduction:

* Diverse Training Data: Ensure that Al systems are trained on unbiased representations systems

*  Human Oversight: Continue to monitor human de-cision making of Al generated decisions, especially in
high stakes situations.

* Periodic Audits: Evaluate machine generated data to review for bias (on an ongoing basis).

Protection of Data Privacy:

Develop and introduce sensitive data governance takes measures to:
» Data minimization: only obtain and process the minimum on employee data;

* Clear Policy: develop clear guidelines about data use and employee rights;

4. Developing HR Capabilities for Al-readiness

Skill Development: Invest in developing Al agencies within HR teams:

* Cross-discipline training: Offer training that con-nects Al technical concepts to HR uses.

* Ongoing Education: Create ongoing learning expe-riences that will facilitate keeping up with new ad-
vancements in Al.

* Collaborative Skills: Build capabilities around col-laborating with humans and Al.

Technology Infrastructure: Ensure each function has an adequate tech foundation:

» Data quality: Deploy robust data management and data quality assurance processes.

» System integration: Build in predictive analytics to current HR technologies.
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5. Monitoring and Enhancing AI Impact Measures of Efficiency:

. Track cost savings, time savings, and improve-ments to process:

. Quality Measures: Evaluate how employee satis-faction, bias reduction, and accuracy of decision-
making are both qualitatively and quantitatively.

» Examine the effects on organizational performance, engagement, and talent retention with sets of strate-gic
measures.

» Continuous Improvement: Develop continuous im-provement processes;

* Ongoing Reviews: Review regularly, analysis of Al systems effectiveness and impact;

*  Feedback Loops: Have systems for managers and employees for constant feedback; *Adaptive plans:

Maintain the option to revise plans when results or feedback processes.

6. Future-proofing HR with Al

HR leaders continue to face a rapidly evolving work-force. To future-proof their organizations, HR lead-ers
should embrace and leverage the emerging tech-nologies that Al has on offer.

Emerging technologies

*Generative Al: an increasingly robust tool, utilizing Al, it is fantastic for content generation and content
enhancement and can assist in communication and generating engaging and effective training materials.
Predictive analytics: utilizing predictive data analyt-ics and predictive HR is a way to assess workforce needs,
workforce planning, talent acquisition, and succession planning activities.

* Conversational Al: to deliver 24/7 employee sup-port and benefit the HR function and function ads an
improvement of the employee experience, can incor-porate intelligent chatbots and/or virtual assistants

* Governance frameworks: develop a governance model, indicative of a robust governance framework, to
support Al implementation and align with busi-ness needs.

+ FEthical frameworks: establish, implement, and up-hold ethical frameworks for the use of AI modes, such as
transparency and bias.

* Regulatory frameworks: develop an awareness of changing legal and compliance landscapes to ensure that

all Al activities comply with regulatory require-ments.

Final Recommendations

The evidence on Al suggests a compelling case for strategy for its use in HR, while downplaying more deeply
philosophical discussions about why organi-zations should adopt Al. Organizations must ap-proach the
adoption of Al as a tool for augmenting our human capabilities, not to replace our human judgment. Success
will require an approach that in-tegrates the technologies capabilities with our human oversight for managing
actions taken by Al, as well as taking initiatives to proactively address any fears that may emerge amongst the
workforce, while con-tinually placing emphasis on the responsibly ethical, transparent and fair deployment of
the Al The body of evidence around Al overwhelmingly suggests there will be positive relationships with HR

perfor-mance, additionally citizen-centric and personalized HR practices, to transform our HR paradigm into
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more strategic thinking practices in interested organ-izations.

There are strong arguments to suggest the future of HR practice will be the effective collaboration be-tween

humans and machines, with the machine man-aging more repetitive inquiries and providing analy-sis for

organizational decision makers on what kind of actions are required by it, and with the human dealing with

strategic thinking, forging relationships with their staff and managing the complexities of making all types of

decisions with empathy, creativ-ity, and ethical judgment.
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